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... But Direct MPC is Difficult = OXFORD
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Complete Block Diagram
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FPGA Implementation

PROTOIP Toolbox

(Suardi et al.)

e Brute force enumeration
e Pipelined Evaluation of Switch Sequences

e Parallelized Matrix Computations
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Hardware in the Loop Tests
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“High-Speed Finite Control Set Model Predictive Control for Power Electronics”
B. Stellato, T. Geyer, P. J. Goulart

IEEE Transactions on Power Electronics (In Press)
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Integer Program
1
minimize EUTQUJr f(x)' U
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Backup - SDP Formulation
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Quadratic Cost Function

/ Vo(2)c(dz) = Tr(Po¥Xe) + 2qg M+ 1o
X

SDP Formulation
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subject to  Mi(m) =0, YmeM, i=1,...

Vo = Vi
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